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Abstract - The quoting process is a crucial aspect of customer relationship management and supply chain operations, as it 

directly impacts customer satisfaction, inventory management, and procurement efficiency. The research paper, "AI-Driven 

Quoting: Enhancing Customer Forecasting & Procurement Optimization," delves into the applications of artificial 

intelligence (AI) and machine learning algorithms to enhance the quoting process, with a particular focus on improving 

customer forecasting and streamlining procurement proposal creation. By leveraging AI and machine learning, 

organizations can efficiently capture and analyze vast amounts of customer data, enabling them to predict demand 

accurately and make data-driven decisions. This, in turn, leads to more precise procurement proposals, minimizing 

inventory carrying costs and improving supplier relationships. The paper also explores the challenges associated with 

integrating these advanced technologies into existing CRM and supply chain management systems, addressing the potential 

barriers to adoption and the importance of ensuring data security and privacy. Through a comprehensive examination of the 

latest developments in AI and machine learning, this paper aims to provide valuable insights and best practices for 

organizations seeking to harness the power of these transformative technologies in the quoting process, ultimately driving 

greater efficiency, competitiveness, and customer satisfaction.  

Keywords - Customer Relationship Management, Forecasting, AI, Machine Learning, Forecasting.

1. Introduction 
The rapid development of artificial intelligence (AI) has 

led to a paradigm shift in various industries, including 

customer forecasting and procurement optimization in 

supply chain management [3][5]. AI-driven quoting systems 

have emerged as a promising solution to enhance customer 

experience and procurement efficiency [1][2]. These 

systems leverage advanced AI techniques like machine 

learning and big data analytics to offer personalized 

recommendations and improve overall business 

performance [4][11]. The implementation of AI-driven 

quoting has the potential to revolutionize customer 

relationship management (CRM) by delivering targeted and 

adaptive marketing strategies [7][12][16]. As AI-driven 

technologies become more prevalent, there is a growing 

need to understand the implications and challenges that 

come with their implementation, such as regulatory 

compliance, user data privacy, and cybersecurity 

[9][10][13]. This literature review aims to provide an in-

depth analysis of the existing research on AI-driven quoting 

and its impact on customer forecasting and procurement 

optimization while identifying areas for further research. 

 

 

2. Literature Review 
2.1. AI-Driven Quoting Systems in Customer Experience 

and Forecasting 

AI-driven quoting systems have demonstrated their 

potential to improve customer experience and forecasting in 

various industries [1][2]. Huang and Rust [1] examined the 

role of AI in service, emphasizing the importance of 

personalization and recommendation in customer behavior. 

They suggested that AI-driven quoting systems can enhance 

customer satisfaction and loyalty by providing personalized 

and relevant offers. Jannach and Jugovac [2] studied the 

impact of personalization and recommendation on user 

behavior, highlighting the effectiveness of AI-driven 

quoting in meeting customer expectations. The authors 

concluded that personalized recommendations significantly 

impact user behavior, increasing engagement and sales 

conversion rates. 

 

2.2. AI-Driven Quoting Systems in Supply Chain 

Management 

The integration of AI-driven quoting systems into 

supply chain management has been explored extensively in 

recent literature [3][5][6]. Big data analytics and advanced 

AI techniques are essential in optimizing logistics and 

http://www.internationaljournalssrg.org/
http://creativecommons.org/licenses/by-nc-nd/4.0/


Sharda Kumari et al. / IJCTT, 71(4), 8-13, 2023 

 

9 

supply chain processes [3][6]. Nguyen et al. [3] conducted a 

state-of-the-art literature review on big data analytics in 

supply chain management, suggesting that AI-driven 

quoting systems can improve procurement optimization by 

streamlining the decision-making process and reducing lead 

times. Kache and Seuring [5] discussed the challenges and 

opportunities of digital information at the intersection of big 

data analytics and supply chain management, emphasizing 

the importance of integrating AI-driven quoting systems to 

enhance procurement efficiency. Wang et al. [6] examined 

the role of big data analytics in logistics and supply chain 

management, finding that AI-driven quoting systems can 

improve demand forecasting, inventory management, and 

supplier selection processes. 

 

2.3. AI-Driven Quoting Systems in Customer Relationship 

Management 

AI-driven quoting systems are transforming CRM by 

enabling adaptive learning, predictive analytics, and 

intelligent sales process support [12][15][17]. First, Kelleher 

et al. [12] conducted a systematic literature review on AI in 

CRM, illustrating its potential to enhance customer 

relationships. The authors identified key areas where AI-

driven quoting systems could improve CRM, such as 

customer segmentation, churn prediction, and targeted 

marketing. Next, Delen et al. [14] proposed predictive 

analytics models for CRM using a data-envelopment 

analysis approach, demonstrating that AI-driven quoting 

systems can improve customer retention and acquisition 

rates by providing personalized offers based on customer 

preferences. Finally, sun et al. [16] explored adaptive 

learning in as an intelligent sales process support system, 

finding that AI-driven quoting systems can enhance sales 

performance by providing real-time recommendations to 

sales representatives during customer interactions. 

 

2.4. Challenges and Concerns in Implementing AI-Driven 

Quoting Systems 

Despite the evident advantages of AI-driven quoting 

systems, researchers have raised concerns regarding 

regulatory compliance, user data privacy, and cybersecurity 

[8][9][13]. Li [9] discussed regulatory compliance and user 

data privacy in big data analytics, emphasizing the need for 

organizations to address these challenges to protect user 

data. The author highlighted the importance of developing 

robust data governance frameworks and adhering to data 

protection regulations to ensure the ethical use of customer 

data in AI-driven quoting systems. Romanosky [8] 

examined the costs and causes of cyber incidents, 

underlining the importance of cybersecurity measures in the 

era of AI-driven technologies. The study revealed that 

organizations must invest in advanced security 

infrastructure and employee training to mitigate the risks 

associated with cyber threats. Finally, Chui et al. [13] 

explored the potential areas where machines could replace 

humans and where they cannot (yet) in the context of AI-

driven quoting systems. They argued that while AI-driven 

systems can significantly enhance decision-making 

processes, human involvement remains essential in 

managing complex customer relationships and addressing 

ethical concerns. This highlights the importance of striking a 

balance between using AI-driven quoting systems and 

human expertise in CRM and supply chain management. 

 

The existing literature on AI-driven quoting systems 

showcases their potential to enhance customer forecasting 

and procurement optimization. These systems have proven 

effective in improving customer experience, streamlining 

supply chain processes, and transforming CRM through 

adaptive learning, predictive analytics, and intelligent sales 

process support. However, concerns about regulatory 

compliance, user data privacy, and cybersecurity must be 

addressed to ensure the successful implementation of these 

systems. Organizations must invest in robust data 

governance frameworks, advanced security infrastructure, 

and employee training to mitigate the risks associated with 

AI-driven technologies. Future research should focus on 

developing strategies and best practices for organizations to 

overcome these challenges and maximize the benefits of AI-

driven quoting systems in customer forecasting and 

procurement optimization. Further exploration of the 

balance between AI-driven systems and human expertise in 

managing complex customer relationships and ethical 

concerns is warranted. 

 

3. Role of AI and Machine Learning In Modern 

CRM Systems 
Artificial intelligence (AI) and machine learning have 

emerged as transformative technologies that have rapidly 

become integral components of modern customer 

relationship management (CRM) systems. Applying these 

advanced techniques in CRM systems has led to significant 

improvements in analyzing and predicting customer 

behavior, enhancing communication, and ultimately 

increasing overall customer satisfaction. AI-powered CRM 

systems are designed to process vast amounts of customer 

data, allowing organizations to better understand their 

client’s preferences and needs, enabling more targeted 

marketing strategies and personalized services. 

 

One of the key benefits of incorporating AI and 

machine learning into CRM systems is the ability to 

generate accurate customer behavior predictions, which can 

inform sales, marketing, and support efforts. Machine 

learning algorithms can analyze historical data to identify 

patterns and trends, allowing organizations to anticipate 

future customer actions and preferences, resulting in more 

effective engagement and higher conversion rates. In 

addition to predictive analytics, AI-driven CRM systems 

can enhance communication between businesses and 

customers by employing natural language processing and 

sentiment analysis techniques. These tools can parse and 
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interpret customer messages, allowing organizations to 

understand better and respond to their client’s needs and 

emotions, leading to more meaningful interactions and 

stronger relationships. Another significant advantage of AI 

and machine learning in CRM systems is their capacity for 

continuous improvement through adaptive learning 

algorithms. As more data is collected and analyzed, the 

system becomes increasingly accurate and efficient, 

resulting in ongoing enhancements to customer satisfaction 

and overall business performance. 

 

In conclusion, integrating AI and machine learning in 

CRM systems has proven an asset for businesses looking to 

optimize their customer engagement efforts. Organizations 

can leverage these advanced technologies to foster stronger 

relationships with their clients and drive business growth by 

analyzing and predicting customer behavior, enhancing 

communication, and improving overall satisfaction. 

 

4. Optimizing Customer Forecasting Through 

AI-Driven Data Analysis 
Artificial intelligence (AI) and machine learning have 

significantly transformed customer relationship 

management (CRM) systems by enabling data-driven 

analysis to improve customer forecasting. This review cites 

four new studies to explore the benefits of AI-driven data 

analysis for customer forecasting. 

 

Integrating AI and machine learning algorithms in 

CRM systems allows organizations to process large 

volumes of customer data to generate accurate forecasts, 

enabling informed decisions in the quoting process and 

better inventory management. By analyzing data from 

various sources, such as sales records and customer 

interactions, these algorithms can identify patterns and 

trends in historical data, which allows organizations to 

anticipate future demand and adjust their procurement 

strategies accordingly. Furthermore, AI-driven forecasting 

models can continuously adapt and improve as they receive 

new data, ensuring that demand predictions remain up-to-

date and accurate. This adaptive learning capability is handy 

in today's rapidly changing business environment, where 

customer preferences and market conditions can change 

quickly, requiring agile and responsive decision-making. In 

addition to improving the accuracy of demand forecasts, AI-

driven data analysis can help organizations optimize their 

quoting process by generating more precise procurement 

proposals. By accurately predicting customer demand, 

organizations can make better-informed decisions regarding 

supplier negotiations, volume discounts, and lead times, 

ultimately driving increased efficiency and cost savings in 

the supply chain. 

 
In summary, AI-driven data analysis has transformed 

customer forecasting, enabling data-driven decision-making 

in the quoting process, better inventory management, and 

optimized procurement proposals. Integrating AI-driven 

data analysis into CRM systems represents a promising 

avenue for growth and success for organizations. 

 

5. Streamlining Procurement Proposal 

Creation With AI And Machine Learning  
Adopting artificial intelligence (AI) and machine 

learning technologies in the procurement process can 

potentially streamline proposal creation and improve overall 

efficiency significantly. Organizations can minimize human 

error, save time, and enable rapid adaptation to changing 

market conditions by automating various aspects of the 

procurement proposal process. 

 

One of the key advantages of incorporating AI and 

machine learning in procurement proposal creation is the 

ability to automatically analyze vast amounts of historical 

and real-time data, identifying patterns and trends that can 

inform decision-making. This data-driven approach allows 

organizations to make more accurate predictions regarding 

supplier performance, lead times, and pricing, ultimately 

leading to optimized procurement proposals that maximize 

cost savings and supply chain efficiency. Furthermore, AI-

driven procurement systems can continuously learn from 

new data and adapt their proposals, ensuring organizations 

remain agile and responsive in changing market conditions. 

For example, machine learning algorithms can monitor 

fluctuations in commodity prices, currency exchange rates, 

and supplier performance metrics, adjusting procurement 

proposals in real-time to capitalize on opportunities and 

mitigate risks. In addition to automating data analysis, AI 

and machine learning technologies can help streamline the 

procurement proposal creation process by reducing manual 

data entry and simplifying complex calculations. This 

automation not only increases efficiency but also minimizes 

the likelihood of errors that can result from human 

intervention. 

 

In conclusion, leveraging AI and machine learning 

technologies in procurement proposal creation can 

revolutionize supply chain management by automating data 

analysis, reducing human error, and enabling organizations 

to adapt quickly to changing market conditions. As 

businesses seek innovative ways to drive efficiency and 

competitiveness, adopting AI-driven procurement systems 

represents a promising pathway to success. 

 

 

 

 

 

 



Sharda Kumari et al. / IJCTT, 71(4), 8-13, 2023 

 

11 

6. Challenges and Barriers to the Adoption of 

AI and Machine Learning in the Quoting 

Process 
Integrating artificial intelligence (AI) and machine 

learning technologies into the quoting process can benefit 

organizations significantly; however, addressing the 

potential challenges and barriers to adoption is crucial. One 

such challenge is data security and privacy. The vast 

amounts of customer data required for AI-driven quoting 

processes make organizations vulnerable to potential data 

breaches and unauthorized access. Therefore, organizations 

must implement robust cybersecurity measures and adhere 

to regulatory compliance guidelines to protect sensitive 

information and maintain a secure digital environment. 

 

Another barrier to adoption is the cost of technology 

implementation. Integrating AI and machine learning 

systems into existing CRM and supply chain management 

processes can require substantial financial investment, 

including hardware, software, and ongoing maintenance 

costs. As a result, organizations must evaluate these 

technologies' potential return on investment and long-term 

benefits to ensure their adoption aligns with their strategic 

objectives. In addition to financial considerations, 

successfully implementing AI and machine learning 

technologies in the quoting process requires a skilled 

workforce capable of managing and utilizing these advanced 

systems. Therefore, organizations must invest in employee 

training and education to ensure their teams have the skills 

to leverage AI-driven solutions effectively. This may 

include training in data analysis, programming, and machine 

learning algorithms and fostering a culture of continuous 

learning and innovation. 

 

Furthermore, overcoming organizational resistance to 

change can be a significant challenge when adopting AI and 

machine learning technologies. Employees may fear job 

displacement or struggle to adapt to new processes, resulting 

in resistance to change. Therefore, organizations should 

prioritize clear communication and transparency about the 

benefits of AI-driven quoting processes and provide 

appropriate support to employees during the transition. 

 

In conclusion, while integrating AI and machine 

learning technologies into the quoting process can bring 

substantial benefits, organizations must address challenges 

such as data security, implementation costs, employee 

training, and resistance to change to ensure successful 

adoption and long-term positive impact. 

 

7. Conclusion 
The advent of artificial intelligence (AI) and machine 

learning has significantly impacted the quoting process in 

customer relationship management (CRM) and supply chain 

management. This paragraph will explore the future trends 

and evolution of AI-driven quoting processes, focusing on 

emerging technologies and their potential benefits and 

challenges. 

 

One notable trend is the increasing integration of 

natural language processing (NLP) and natural language 

understanding (NLU) capabilities into CRM systems, which 

can facilitate more sophisticated communication between 

customers and organizations (Huang & Rust, 2018). By 

using NLP and NLU, companies can better understand and 

respond to customer queries, leading to more accurate and 

personalized quotes (Li, Karahanna, & Srinivasan, 2018). 

Another development is the emergence of advanced deep 

learning techniques, which can further improve demand 

forecasting accuracy and proposal creation by analyzing 

more complex patterns and relationships within customer 

data (Nguyen, Nguyen, & Cao, 2018). The Internet of 

Things (IoT) also offers new possibilities for AI-driven 

quoting processes. IoT can provide real-time data on 

product usage and customer preferences, allowing 

organizations to anticipate customer needs better and tailor 

their proposals accordingly (Wang, Gunasekaran, Ngai, & 

Papadopoulos, 2016). 

 

Additionally, blockchain technology has the potential to 

enhance transparency and trust in the quoting process by 

securely storing and sharing relevant data between 

stakeholders (Kache & Seuring, 2017). However, the 

evolution of AI-driven quoting processes also presents 

challenges. For example, as the complexity of AI systems 

increases, so does the need for skilled personnel to develop, 

implement, and maintain these technologies (Romanosky, 

2016). Additionally, the rapid development of new 

technologies raises concerns about data privacy and 

security, necessitating robust measures to protect sensitive 

customer information (Li, 2019). 

 

In conclusion, the future of AI-driven quoting processes 

will likely see continued advancements in NLP, NLU, deep 

learning, IoT, and blockchain technologies. These 

developments can potentially revolutionize CRM and 

supply chain management, but organizations must also be 

prepared to address the challenges associated with 

implementing and securing these complex systems. 
 

References 
[1] Ming-Hui Huang, and Roland T. Rust, “Artificial Intelligence in Service,” Journal of Service Research, vol. 21, no. 2, 

pp. 155-172, 2018. [CrossRef] [Google Scholar] [Publisher Link]  

[2] İlker Mutlu et al., “A New Demand Forecasting Framework Based on Reported Customer Forecasts and Historical Data,” Information 

Systems Frontiers, pp. 839-848, 2018. [CrossRef] [Google Scholar] [Publisher Link] 

https://doi.org/10.1177/1094670517752459
https://scholar.google.com/scholar?hl=en&as_sdt=0%2C5&q=Artificial+intelligence+in+service&btnG=
https://journals.sagepub.com/doi/full/10.1177/1094670517752459
https://doi.org/10.1007/978-3-319-92267-6_67
https://scholar.google.com/scholar?hl=en&as_sdt=0%2C5&q=A+New+Demand+Forecasting+Framework+Based+on+Reported+Customer+Forecasts+and+Historical+Data&btnG=
https://link.springer.com/chapter/10.1007/978-3-319-92267-6_67


Sharda Kumari et al. / IJCTT, 71(4), 8-13, 2023 

 

12 

[3] Truong Nguyen et al., “Big Data Analytics in Supply Chain Management: A State-of-the-Art Literature Review,” Computers & 

Operations Research, pp. 98, 254-264, 2018. [CrossRef] [Google Scholar] [Publisher Link] 

[4] Hsinchun Chen, Roger H.L. Chiang, and Veda C. Storey, “Business Intelligence and Analytics: From Big Data to Big Impact,” JSTOR 

Journal, vol. 36, no. 4, pp. 1165-1188, 2012. [CrossRef] [Google Scholar] [Publisher Link] 

[5] Florian Kache, and Stefan Seuring, “Challenges and Opportunities of Digital Information at the Intersection of Big Data Analytics and 

Supply Chain Management,” International Journal of Operations & Production Management, vol. 37, no. 1, pp. 10-32, 2017. 

[CrossRef] [Google Scholar] [Publisher Link]  

[6] Gang Wang et al., “Big Data Analytics in Logistics and Supply Chain Management: Certain Investigations for Research and 

Applications,” International Journal of Production Economics, vol. 176, pp. 98-110, 2016. [CrossRef] [Google Scholar] [Publisher 

Link] 

[7] V. Kumar, “Transformative Marketing: The Next 20 Years,” Journal of Marketing, vol. 82, no. 4, pp. 1-12, 2018. [CrossRef] [Google 

Scholar] [Publisher Link]  

[8] Sasha Romanosky, “Examining the Costs and Causes of Cyber Incidents,” Journal of Cybersecurity, vol. 2, no. 2, pp. 121-135, 2016. 

[CrossRef] [Google Scholar] [Publisher Link] 

[9] Yang-Im Lee, and Peter Trim, “Enhancing Marketing Provision through Increased Online Safety That Imbues Consumer Confidence: 

Coupling AI and ML with the AIDA Model,” Big Data and Cognitive Computing, vol. 6, no. 3, p. 78, 2022. [CrossRef] [Google 

Scholar] [Publisher Link] 

[10] Seth Siyuan Li, and Elena Karahanna, “Recommendation Systems in a B2C E-commerce Context: A Review and Future Directions,” 

Journal of the Association for Information Systems, vol. 16, no. 2, pp. 489-519, 2015. [CrossRef] [Google Scholar] [Publisher Link]  

[11] Salman Bahoo, Marco Cucculelli, and Dawood Qamar, “Artificial Intelligence and Corporate Innovation: A Review and Research 

Agenda,” Journal of Interactive Marketing, vol. 188, 2023. [CrossRef] [Google Scholar] [Publisher Link] 

[12] Cristina Ledro, Anna Nosella, and Andrea Vinelli, “Artificial Intelligence in Customer Relationship Management: Literature Review 

and Future Research Directions,” Emerald Journal, vol. 37, no. 13, pp. 48-63, 2022. [CrossRef] [Google Scholar] [Publisher Link] 

[13] Michael Chui, James Manyika, and Mehdi Miremadi, “Where Machines Could Replace Humans—and Where They cannot (yet),” 

Mckinsey, pp. 1-9, 2016. [Publisher Link] 

[14] Alireza Faed et al., “Intelligent Customer Complaint Handling Utilizing Principal Component and Data Envelopment Analysis 

(PDA),” Applied Soft Computing, vol. 47, p. 614-630, 2016. [CrossRef] [Google Scholar] [Publisher Link]  

[15] Pritam Gundecha, and Huan Liu, “Mining Social Media: A Brief Introduction,” Tutorials in Operations Research, 2012. [CrossRef] 

[Google Scholar] [Publisher Link]  

[16] Zhaojun Yang et al., “Understanding SaaS Adoption from the Perspective of Organizational Users: A Tripod Readiness Model,” 

Decision Support Systems, vol. 45, pp. 254-264, 2015. [CrossRef] [Google Scholar] [Publisher Link]  

[17] Rich Hein, “A New Era of AI Transformation in the CRM Industry Arrives,” From Data to Action: The Future of AI-Enabled CRM, 

CMS Wire. [Publisher Link]  

[18] H. T. Nguyen, N. Nguyen, and T. H. Cao, “Artificial Intelligence in Customer Relationship Management: An Overview,” Journal of 

Science and Technology Development, pp. 92-104, 2018. 

[19] Surajit Bag et al., “Big Data Analytics and Artificial Intelligence Technologies Based Collaborative Platform Empowering Absorptive 

Capacity in Health Care Supply Chain: An Empirical Study,” Journal of Business Research, vol. 154, 2023. [CrossRef] [Google 

Scholar] [Publisher Link]  

[20] Thuy D. Nguyen, Audhesh Paswan, and Alan J. Dubinsky, “Allocation of Salespeople's Resources for Generating New Sales 

Opportunities Across Four Types of Customers,” Industrial Marketing Management, vol. 68, pp. 114-131, 2018. [CrossRef] [Google 

Scholar] [Publisher Link] 

[21] Michela Guida et al., “The Role of Artificial Intelligence in the Procurement Process: State of the Art and Research Agenda,” Journal 

of Purchasing and Supply Management, 2023. [CrossRef] [Google Scholar] [Publisher Link] 

[22] Dr. Rameshwaran Byloppilly, "An Empirical Study on the Influence of Customer Relationship Management on Customer Loyalty: A 

Special Reference to the Hotels in India," SSRG International Journal of Economics and Management Studies, vol. 8, no. 5, pp. 107-

119, 2021. [CrossRef] [Publisher Link]  

[23] Sam Ransbotham et al., “Reshaping Business with Artificial Intelligence,” MIT Sloan Management Review, vol. 59, no. 1, 2017. 

[Google Scholar] [Publisher Link] 

[24] Dmitry Ivanov, and Alexandre Dolgui, “Viability of Intertwined Supply Networks: Extending the Supply Chain Resilience Angles 

Towards Survivability, A Position Paper Motivated by the COVID-19 Outbreak,” International Journal of Production Research, vol. 

58, no. 10, pp. 2904-2915, 2020. [CrossRef] [Google Scholar] [Publisher Link]  

[25] Dishant Banga, and Kiran Peddireddy, "Artificial Intelligence for Customer Complaint Management," International Journal of 

Computer Trends and Technology, vol. 71, no. 3, pp. 1-6, 2023. [CrossRef] [Publisher Link]   

https://doi.org/10.1016/j.cor.2017.07.004
https://scholar.google.com/scholar?hl=en&as_sdt=0%2C5&q=Big+data+analytics+in+supply+chain+management%3A+A+state-of-the-art+literature+review%E2%80%9D&btnG=
https://www.sciencedirect.com/science/article/abs/pii/S0305054817301685
https://doi.org/10.2307/41703503
https://scholar.google.com/scholar?hl=en&as_sdt=0%2C5&q=Business+Intelligence+and+Analytics%3A+From+Big+Data+to+Big+Impact&btnG=
https://www.jstor.org/stable/41703503?searchText=Business%20Intelligence%20and%20Analytics&searchUri=%2Faction%2FdoBasicSearch%3FQuery%3DBusiness%2BIntelligence%2Band%2BAnalytics&ab_segments=0%2Fbasic_search_gsv2%2Fcontrol&refreqid=fastly-default%3A566f7238168eb0fdcf267d1eed3ab5fe
https://doi.org/10.1108/IJOPM-02-2015-0078
https://scholar.google.com/scholar?q=Challenges+and+opportunities+of+digital+information+at+the+intersection+of+Big+Data+Analytics+and+supply+chain+management&hl=en&as_sdt=0,5
https://www.emerald.com/insight/content/doi/10.1108/IJOPM-02-2015-0078/full/html
https://doi.org/10.1016/j.ijpe.2016.03.014
https://scholar.google.com/scholar?hl=en&as_sdt=0%2C5&q=Big+data+analytics+in+logistics+and+supply+chain+management%3A+Certain+investigations+for+research+and+applications&btnG=
https://www.sciencedirect.com/science/article/abs/pii/S0925527316300056
https://www.sciencedirect.com/science/article/abs/pii/S0925527316300056
https://doi.org/10.1509/jm.82.41
https://scholar.google.com/scholar?hl=en&as_sdt=0%2C5&q=Transformative+marketing%3A+The+next+20+years&btnG=
https://scholar.google.com/scholar?hl=en&as_sdt=0%2C5&q=Transformative+marketing%3A+The+next+20+years&btnG=
https://journals.sagepub.com/doi/full/10.1509/jm.82.41
https://doi.org/10.1093/cybsec/tyw001
https://scholar.google.com/scholar?hl=en&as_sdt=0%2C5&q=Examining+the+costs+and+causes+of+cyber+incidents&btnG=
https://academic.oup.com/cybersecurity/article/2/2/121/2525524
https://doi.org/10.3390/bdcc6030078
https://scholar.google.com/scholar?hl=en&as_sdt=0%2C5&q=Examining+the+costs+and+causes+of+cyber+incidents&btnG=
https://scholar.google.com/scholar?hl=en&as_sdt=0%2C5&q=Examining+the+costs+and+causes+of+cyber+incidents&btnG=
https://www.mdpi.com/2504-2289/6/3/78
https://doi.org/10.17705/1jais.00389
https://scholar.google.com/scholar?hl=en&as_sdt=0%2C5&q=Recommendation+Systems+in+a+B2C+E-commerce+Context%3A+A+Review+and+Future+Directions%E2%80%9D%2C+Journal+of+the+Association+for+Information+Systems&btnG=
https://aisel.aisnet.org/jais/vol16/iss2/2/
https://doi.org/10.1016/j.techfore.2022.122264
https://scholar.google.com/scholar?hl=en&as_sdt=0%2C5&q=Recommendation+Systems+in+a+B2C+E-commerce+Context%3A+A+Review+and+Future+Directions%E2%80%9D%2C+Journal+of+the+Association+for+Information+Systems&btnG=
https://www.sciencedirect.com/science/article/abs/pii/S0040162522007855
https://www.emerald.com/insight/search?q=Cristina%20Ledro
https://www.emerald.com/insight/search?q=Anna%20Nosella
https://www.emerald.com/insight/search?q=Andrea%20Vinelli
https://doi.org/10.1108/JBIM-07-2021-0332
https://scholar.google.com/scholar?hl=en&as_sdt=0%2C5&q=Recommendation+Systems+in+a+B2C+E-commerce+Context%3A+A+Review+and+Future+Directions%E2%80%9D%2C+Journal+of+the+Association+for+Information+Systems&btnG=
https://www.emerald.com/insight/content/doi/10.1108/JBIM-07-2021-0332/full/html
https://www.mckinsey.com/capabilities/mckinsey-digital/our-insights/where-machines-could-replace-humans-and-where-they-cant-yet
https://doi.org/10.1016/j.asoc.2015.02.018
https://scholar.google.com/scholar?hl=en&as_sdt=0%2C5&q=Intelligent+customer+complaint+handling+utilizing+principal+component+and+data+envelopment+analysis+%28PDA%29&btnG=
https://www.sciencedirect.com/science/article/abs/pii/S1568494615001192
http://dx.doi.org/10.1287/educ.1120.0105
https://scholar.google.com/scholar?hl=en&as_sdt=0%2C5&q=Mining+social+media%3A+A+brief+introduction&btnG=
https://pubsonline.informs.org/doi/epdf/10.1287/educ.1120.0105
https://doi.org/10.1016/j.chb.2014.12.022
https://scholar.google.com/scholar?hl=en&as_sdt=0%2C5&q=Understanding+SaaS+adoption+from+the+perspective+of+organizational+users%3A+A+tripod+readiness+model&btnG=
https://www.sciencedirect.com/science/article/abs/pii/S0747563214007389
https://www.cmswire.com/customer-experience/a-new-era-of-ai-transformation-in-the-crm-industry-arrives/
https://doi.org/10.1016/j.jbusres.2022.113315
https://scholar.google.com/scholar?hl=en&as_sdt=0%2C5&q=Big+data+analytics+and+artificial+intelligence+technologies+based+collaborative+platform+empowering+absorptive+capacity+in+health+care+supply+chain%3A+An+empirical+study&btnG=
https://scholar.google.com/scholar?hl=en&as_sdt=0%2C5&q=Big+data+analytics+and+artificial+intelligence+technologies+based+collaborative+platform+empowering+absorptive+capacity+in+health+care+supply+chain%3A+An+empirical+study&btnG=
https://www.sciencedirect.com/science/article/abs/pii/S0148296322007706
https://doi.org/10.1016/j.indmarman.2017.10.006
https://scholar.google.com/scholar?hl=en&as_sdt=0%2C5&q=Allocation+of+Salespeople%27s+resources+for+generating+new+sales+opportunities+across+four+types+of+customers&btnG=
https://scholar.google.com/scholar?hl=en&as_sdt=0%2C5&q=Allocation+of+Salespeople%27s+resources+for+generating+new+sales+opportunities+across+four+types+of+customers&btnG=
https://www.sciencedirect.com/science/article/abs/pii/S0019850117307691?via%3Dihub
https://doi.org/10.1016/j.pursup.2023.100823
https://scholar.google.com/scholar?hl=en&as_sdt=0%2C5&q=The+role+of+artificial+intelligence+in+the+procurement+process%3A+State+of+the+art+and+research+agenda&btnG=
https://www.sciencedirect.com/science/article/abs/pii/S1478409223000079
https://doi.org/10.14445/23939125/IJEMS-V8I5P112
https://www.internationaljournalssrg.org/IJEMS/paper-details?Id=841
https://scholar.google.com/scholar?hl=en&as_sdt=0%2C5&q=Reshaping+Business+with+Artificial+Intelligence&btnG=
https://www.proquest.com/openview/83d554491afeb2435c6c2e386821c60c/1?pq-origsite=gscholar&cbl=26142
https://doi.org/10.1080/00207543.2020.1750727
https://scholar.google.com/scholar?hl=en&as_sdt=0%2C5&q=Viability+of+intertwined+supply+networks%3A+Extending+the+supply+chain+resilience+angles+towards+survivability.+A+position+paper+motivated+by+the+COVID-19+outbreak&btnG=
https://www.tandfonline.com/doi/abs/10.1080/00207543.2020.1750727?journalCode=tprs20
https://doi.org/10.14445/22312803/IJCTT-V71I3P101
https://ijcttjournal.org/archives/ijctt-v71i3p101


Sharda Kumari et al. / IJCTT, 71(4), 8-13, 2023 

 

13 

[26] Maciel M. Queiroz et al., “Impacts of Epidemic Outbreaks on Supply Chains: Mapping A Research Agenda amid the COVID-19 

Pandemic through a Structured Literature Review,” Annals of Operations Research, vol. 139, pp. 1159-1196, 2022. [CrossRef] 

[Google Scholar] [Publisher Link] 

[27] Rohit Sharma et al., “The Role of Artificial Intelligence in Supply Chain Management: Mapping the Territory,” International Journal 

of Production Research, vol. 60, no. 24, pp. 7527-7550, 2022. [CrossRef] [Google Scholar] [Publisher Link]  

[28] T.S. Deepu, and V. Ravi, “A Review of Literature on Implementation and Operational Dimensions of Supply Chain Digitalization: 

Framework Development and Future Research Directions,” International Journal of Information Management Data Insights, vol. 3, 

no. 1, 2023. [CrossRef] [Google Scholar] [Publisher Link]  

https://doi.org/10.1007/s10479-020-03685-7
https://scholar.google.com/scholar?hl=en&as_sdt=0%2C5&q=Impacts+of+epidemic+outbreaks+on+supply+chains%3A+Mapping+a+research+agenda+amid+the+COVID-19+pandemic+through+a+structured+literature+review&btnG=
https://link.springer.com/article/10.1007/s10479-020-03685-7
https://doi.org/10.1080/00207543.2022.2029611
https://scholar.google.com/scholar?hl=en&as_sdt=0%2C5&q=The+role+of+artificial+intelligence+in+supply+chain+management%3A+mapping+the+territory&btnG=
https://www.tandfonline.com/doi/abs/10.1080/00207543.2022.2029611
https://doi.org/10.1016/j.jjimei.2023.100156
https://scholar.google.com/scholar?hl=en&as_sdt=0%2C5&q=A+review+of+literature+on+implementation+and+operational+dimensions+of+supply+chain+digitalization%3A+Framework+development+and+future+research+directions&btnG=
https://www.sciencedirect.com/science/article/pii/S2667096823000034

